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Different objectives and constraints, but the same underlying decision: selecting edges.
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Results: Performance

Best one-pass solution quality across three routing problems
Generalizes well beyond the training distribution



Results: TSP

Orange: Optimal tour
Gray dashed: Top-3 predicted edges

Predicted high-probability edges
align with optimal tour structure
across unseen layouts

Best solution quality among lightweight
one-pass methods
Much faster than search-heavy learned
pipelines and specialized solvers



Conclusion & Future Work

Bridge toward end-to-end prediction and optimization

Bridge the training-inference gap between continuous representations and discrete solutions

A reusable self-supervised framework that learns objective- and constraint-

aware solution representations directly from unlabeled instances.

Learn richer constraint structures with less task-specific engineering
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